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Background
Although the literature on 30-day readmission risk scores is rich and several scores have been
developed over the years, predicting re-admissions during a hospital stay for general population
remains a key challenge. Most models either perform poorly! or requires data that is not easily
accessible in real-time.
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Features

Propose a composite two-step prediction model:

e Step 1: map ICD codes to clinical categories (based on HCUP CSSR®) and predict risk of
readmission solely based on clinical categories.
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e Step 2: The prediction risk score is added as a feature, replacing Case-mix score suggested in the

original LACE+ model. Admission type,

Length of Stay

- . . Clinical categories (CCS) shows strong prediction power of the 30-day readmission risk
the ability to deal with missing input data elements ni gories (CCS) show g prediction pow Y Ission ri

Overview of the algorithm execution Algorithm execution logic with missing data elements

Model performance in various hospitals

Inputs: Algorithm: Outputs: Challenge: When ICD codes are missing, we want to output score and indicate algorithm confidence.
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17% AUC improvement compared to the original LACE+!
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